Abstract:

Systems

Application of LLM Agents for Long-Form
Question Answering in Systems Biology

Charvi Jain, Sahar Vahdati, Pauline Porschitz, Mounir El Hankouri,

2026

biology

guestions often require integrating
heterogeneous
biological resources like literature,

evidence across

genes,
variants

proteins,
to

pathways,
build mechanistic,

and

long-form explanations. We study
LLM agents for this multi-source,
multi-step reasoning setting and

introduce ReAct-L

F

(ReAct for

Long-form QA), a relevance-aware
approach that filters intermediate
evidence before scientific synthesis.
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